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Paper overview

• Increasing evidence of predictable individual errors among professional forecasters
(Bordalo et al 2020, Broer and Kohlhas 2022, ...)

• This paper: Which info sources do forecasters use suboptimally?

• Distinguish between public information and residual (private) information
▶ Use macro data release to measure public informartion

• Results:
▶ Forecasters underreact to public and overreact to private information

▶ Consistent with model of overconfidence, i.e. overestimate accuracy of private info
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Framework

• Public signal: st = πt−1 + νt

• Fundamental: πt = ρπt−1 + ut

• Private signal: x i
t = πt+h + ϵi

xt

• Consider the belief updating equation (with πi
t+h|t ≡ EP [st+1|Ωi

t ])

πi
t+h|t = (1 − κy − κx )πi

t+h|t−1 + κy ρhst + κxx i
t ,
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Empirical strategy: first step

Theory: πi
t+h|t − πi

t+h|t−1 = − κxπi
t+h|t−1 +κy ρh(st − s i

t,t−1)+ κxx i
t ,

Empirics: πi
t+h|t − πi

t+h|t−1 = −ηπi
t+h|t−1︸ ︷︷ ︸

Prior

+ γ(st − s i
t,t−1)︸ ︷︷ ︸

Public info

+ ϵi
t︸︷︷︸

Residual

,

In next step, use PublicInfo = γ̂(st − s i
t,t−1) and Residual = ϵ̂i

t

• Endogeneity bias: Cov(st − s i
t,t−1, ϵi

t) ̸= 0 ⇒ γ̂ ̸= κy ρh and ϵ̂i
t ̸= κxx i

t

• Public signal st and private signal x i
t are correlated as they contain πt+h

• but by construction PublicInfo ⊥ Residual
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Empirical strategy: second step

πt+h − πi
t+h|t = β1PublicInfoi

t + β2πi
t+h|t−1 + β3Residualit + ν i

t ,

• Estimate
▶ β̂1 > 0 ⇒ Underreaction to public information

▶ β̂3 < 0 ⇒ Overreaction to residual/private information

• Consistent with
▶ Overconfidence: perceive private info as relatively more accurate

(Angeletos et al 2021, Broer and Kohlhas 2022)

▶ Strategic diversification: overweight private info to stand-out from the crowd
(Ottaviani and Sorensen 2006, Gemmi and Valchev 2023)
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Further tests of overconfidence model

• Decompose Residual = ϵ̂i
t

Common component:
∫ i

ϵ̂i
tdi , Idiosyncratic component: ϵi

t −
∫ i

ϵ̂i
tdi

• And show that replacing the residual in belief updating with
▶ Common component → improve the forecast accuracy

▶ Idiosyncratic component → reduce the forecast accuracy

• Consequence of information dispersion, not overconfidence
▶ Common component averages out idiosyn noise ⇒ more accurate signal

▶ Idiosyn component only keep the noise ⇒ less accurate signal

• It could be instead framed as a test of residual = ϵ̂i
t as proxy for private signal
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Implications for consensus forecasting power

• Survey of Professional Forecasters are mainly used for two purposes:
1 Measure agents’ expectations and test belief models (this paper)

2 Use the consensus/average forecast for forecasting

• Does overconfidence imply a lower accuracy of the consensus forecast?

⇒ No, it implies a higher forecasting accuracy
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Consensus forecast accuracy

Individual πi
t+h|t = (1 − κy − κx )πi

t+h|t−1 + κy ρhst + κxx i
t ,

• Signal x i
t is noisy → individually optimal κRE

x < 1
▶ Higher κx > κRE

x would expose individual forecast to idiosyncratic error

Consensus πt+h|t = (1 − κy − κx )πt+h|t−1 + κy ρhst + κxπt+h,

• Average
∫ i x i

t di = πt+h perfectly accurate → socially optimal κx = 1
▶ At the consensus level idiosyncratic error washes out

⇒ Overweighting private info improve consensus forecast (wisdom of the crowd)

• Consistent with evidence that consensus forecast is virtually impossible to beat
(see for example Kohlhas & Robertson 2022)
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Conclusion

Great paper!
• Takes seriously the information set of forecasters

• Novel convincing evidence on departures from RE

• Consistent with high forecast accuracy of consensus forecast

• Useful resource to inform macroeconomic models
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